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class MyDataSet(Dataset): ]
def_init_ (self, data_x, data_y): 14000
# pandas %% Jc %% numpy FRE#% tensor 120004
self.data_x = torch.Tensor(data_x.values)
self.data_y = torch.Tensor(data_y.values)
self.lens = len(data_x) 10000 1
def _ getitem__(self, index):
return self.data_x[index], self.data_y[index] < 8000 1
def __len_ (self): =
return self.lens — 6000
QMR 4000
class Model(torch.nn.Module):
def _init_ (self): 20004
super().__init_ ()
self.net = nn.Sequential( 0
nn.Linear(6, 8), " J J J J N N \
nn.Sigmoid(), 0 2000 4000 6000 8000 10000 12000 14000
nn.Linear(8, 1), Ji AR B
)
def forward(self, x):
x = self.net(x) 14000 1
return X
120001
()i AR R R BRI AL 3
criterion = nn.MSELoss() 10000 A
optim = torch.optim. Adam(model.parameters(), lr=0.003)
@I z
data_set = MyDataSet(train_X, train_Y) = 60004
train_loader = DataLoader(data_set, shuffle=True, batch_size=batch_size)
for epoch in range(all_epochs): 40004
loss = None
for index, batch_data in enumerate(train_loader, 0): 2000
X, Y = batch_data
y_pred = model(X) 01
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